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<Gallego, G., & Van Ryzin, G. (1994). Optimal dynamic pricing of inventories with

stochastic demand over finite horizons>
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J*(n,t) = sup J,(n,t)

ueu

r2

Hamilton-Jacobi Z2X72 0|8%}H LCI3 X™MEHE 7Y £ US

aJ*(nt) * *
= Suplr) =AU () - ' (e = 1,D))]

glo

Ol™l) =87t A(p) = ae™? 2 AR 9l SAE UFAI|= di= O3 2
J ) =10g(To@'D)'3) and p'(n,t) = ') =] (n—1,6) +1

Figure. Sample Path of p*(n — Ny, 1 —s) over s €[0,1] : Left: n =25,a =20 , right:

n =25a=100
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otst7

Sf8H Springer ZTAIOIA 2013-20231 Afo| ZEHEl ¢ Z “AI"2t “Dynamic
Pricing” 7|191E8 Egot of 59600 Mo| ARES| XE(Abstract)g HIAE
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A
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(=]
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] HE¥ Keywords 24 (2013 -20234A)
- J|9EE dE=E AMEH J259 A 7|fE MM FEHX|A LIEHGH
“model’, “system’, “algorithm” S |Alet 7|9IE7t oid SYsHH SHSH=
AS ¥ 4 AU
- flol FIHES2 AF0NM Koz SEHSH= HOS0|EE HRIEE
Jluoz £F 2uS mosts A ATt AUS
<E 1> ¢ Keywords 24 A1}
Total 2013 2014 2015 2016 2017
Words Counts Words Counts Words Counts Words Counts Words Counts Words Counts
1 model 7022 system 366 model 424 system 339 model 446 model 912
2  based 5332 model 361 system 317 model 328 based 379%algorithm 750
3 system  5277algorithm 304 based 286 based 268 system 367 based 748
4 data 5165 based 304 problem 275 paper 256 algorithm 324 system 688
5 algorithm 4793 problem 303algorithm 260 problem 244  data 324 proposed 602
6  paper 4301 paper 272 paper 260 proposed 233 paper 291 problem 598
7 proposed 4108 proposed 233 method 259algorithm 221 network 284 paper 590
8 problem 4022 approach 228 proposed 222 data 209 problem 280 method 542
9 method 3783 data 227 approach 220 method 202 proposed 265 data 530
10 network 3555 method 224 network 216 time 184 time 265 result 490
11 time 3464 network 217 result 199 result 176 study 226 approach 482
12 result 3372 time 208 data 171 network 164 method 221 time 454
13 approach 3106 result 191 optimization ~ 171 approach 159 result 216 optimization 400
14 study 2959 performance 180 time 165 process 138 approach 211 jerformance 386
15 research 2925 using 167 performance 164 study 132 patient 186 network 368
16 performance 2562 service 151 used 146 new 129 using 186 process 364
17 optimization 2548 information 149 solution 143 different 123 used 176 new 348
18 using 2513 new 143 agent 140 information 123 application 175 used 340
19 application 2393 optimization ~ 139 different 135 energy 121 process 169 service 336
20  used 2384 solution 135 using 134 optimization 119 different 164 using 332
2018 2019 2020 2021 2022 2023
Words Counts Words Counts Words Counts Words Counts Words Counts Words Counts
1 model 1056 model 527 model 688 model 478 model 710 model 1092
2  system 976 based 364 data 560 data 425 data 529 data 916
3 data 930algorithm 349 based 476 based 385 based 522 based 764
4  based 836 data 344algorithm  445algorithm 344 system 428 system 751
5 proposed 798 system 307 paper 401 system 337 network 35%algorithm 702



22 =¥ 4 JtH ZHEE flSt RM A7

6 algorithm 766 proposed 300 system 401 paper 306 research 355 research 638
7 problem 710 paper 283 proposed 344 network 285 study 342 study 626
8  paper 704 method 265 method 331proposed  280algorithm 328 paper 615
9 method 662 problem 264 problem 324 problem 256 paper 323 method 542
10 network 608 time 247 research 323 time 256 time 320 proposed 526
11  result 566 network 237 time 319 research 255 method 311 network 509
12 time 560 result 214 network 308 energy 241 proposed 305 result 506
13 approach 540 study 189 result 297 method 224 result 296 learning 499
14 research 466 used 177 learning 266 application 222 problem 279 problem 489
15  study 460 optimization 176 technology 245approach 221 energy 276 time 486
16 information 438 research 176 approach 243 result 221 learning 273 energy 470
17  using 434 energy 175 optimization 238  price 213 market 259 technology 455
18 performance 418 approach 169 application 236 technology 209 technology 259 using 433
19  new 414 performance 166 study 235 study 204  price 250 market 418
20 used 392 new 155 new 219 service 202 service 232 optimization 416
O S=9E xEo| 84 (2013 -20224)

- YA GlEY J|YE BMS FE AYUHOZ 10N HBEE HHO|SO| HIHS

SH%t= O|f=2 ATXE=E KI0|E mtAsh= 20| HetEs =eld

- mMEtM, AEEE EF dXo F g

2| A (Kullback-Leibler divergence, KLD)2 0|&3t0{ AT}
S thofe
THo{ 7}

2t TO{7t JHXE HERE

7t M2 AEZTQ| X0|E

of xtEofzt Feo

S 4mEH X2 A=

SM-2f0|S2] &Lt

“deep’, “artificial” 2| 7|¥E7t

ZOFllM 2|4 J]=9

o2t HE o soigln

EXA gz

ol oF A
M=

EEE EXM AL SEsl=
Estdo, 1 xto|7t 2

242 “prediction”, “machine’,

=T=

2 XE0Z S

ofst7| 9|8l

o

“learning’,

sl Dynamic Pricing

=2 T



Il. Price-based RM 23

<E 2> g9 XtEHo| 2M Ant

2013 2014 2015 2016 2017 2018
Words KLD Words KLD Words KLD Words KLD Words KLD Words KLD

1 problem 0.0025 agent 0.0027 system 0.0026 patient 0.0061 algorithm 0.0015 proposed 0.0015
2 system 0.0023 method 0.0022 query 0.0023 care 0.005 experiment 0.0014 data  0.0014
3 policy 0.0018 problem 0.0021 agent 0.0018 ana 0.003 process 0.0012 information 0.0013
4 approach 0.0018 approach 0.002 fuel 0.0015 intensive 0.0021 evolution 0.0011 system 0.0012
5 sensor 0.0016 model 0.0019 cognitive 0.0014 icu 0.002 pivot 0.0011 drought 0.0011
6 control 0.0016 solution 0.0017 uncertain 0.0014 acute 0.0019 welding 0.001 fuzzy 0.0011
7 design 0.0015 recognition 0.0014  fco  0.0013 health 0.0019  ougsourcing 0-001 number 0.001
8 present 0.0013 order 0.0014 control 0.0013 silva 0.0018 state 0.0009  risk 0.001
9 information 0.0013 optimization 0.0014 paper 0.0013 jos  0.0018 software 0.0009 big  0.0009
10 performance 0.0012 hand  0.0013 problem 0.0013 pedro 0.0017 geqchemical 0.0009 operator 0.0009
11 context 0.0012 system 0.0013 process 0.0012 portuguese 0.0016 logic 0.0009 tidal  0.0008
12 algorithm 0.0012 modeling 0.0013 scheme 0.0012 ferreira 0.0016 surface 0.0008 test 0.0008
13 hegotiation 0.0011 gesture 0.0013 operator 0.0012 van  0.0016 structure 0.0008 portfolio 0.0007
14 objective 0.001 function 0.0013 evaluation 0.0012 cardiac 0.0015approach 0.0008 user  0.0007
15 fee 0.001 search 0.0012 tool 00011 ill 0.0015 optimization 0.0008 change 0.0007
16 user 0.001 cnvironment 0.0011 differential 0.0011 sepsis 0.0014 rule 0.0008 robot 0.0006
17 solution 0.001 paper 0.0011 ontology 0.001 nio  0.0014 shielding 0.0008 design 0.0006
18  set 0.001 performance 0.0011 graph  0.001 sousa 0.0014 social 0.0008 theory 0.0006
19 space  0.001 ubiquitous 0.001 matching 0.001 septic 0.0014proposed 0.0007  iec 0.0005
20 agent 0.001 planning 0.001 material 0.001 nursing 0.0013 space 0.0007 ssp  0.0005
2019 2020 2021 2022 2023
Words KLD Words KLD Words KLD Words KLD Words KLD
1 model 0.0026 data 0.0025 cloud 0.0031 research 0.002 digital 0.0031
2 fcc  0.0021 machine 0.0024 price 0.0026 price 0.002 research 0.0024
3 predicton 0.002 learning 0.0019 intelligence 0.0023 intelligence 0.002 carbon 0.0024
4 algorithm 0.0015 big  0.0017 energy 0.0022 market 0.002 financial 0.0022
5 scheduling 0.0014 research 0.0017 artificial 0.0022 review 0.0018 intelligence 0.0022
6 proposed 0.0013 future 0.0017 smart 0.002 digital 0.0018 learning 0.0022
7 forecasting 0.0011 ranagement 0.0014 resource 0.0017  risk 00018 study 0.0021
8 energy 0.0011 technology 0.0013 data 0.0016 artificial 0.0018 supply 0.0019
9 demand 0.0011 smart 0.0013 stock 0.0016 learning 0.0017 chain 0.0017
10 collider 0.001 model 0.0013 technology 0.0016 study 0.0016 market 0.0016
11 data 0.001 deep 0.0012 research 0.0014 carbon 0.0015 geyelopment 0.0016
12 technique 0.001 prediction 0.001 application 0.0013 energy 0.0014 deep 0.0016
13 electricity 0.001 literature 0.0009 marketing 0.0012 deep 0.0014 price 0.0016
14 ann 0.0009 iot 0.0009 learning 0.0012 edge 0.0014 finance 0.0016
15 based 0.0009 sharing 0.0008 future 0.0011 technology 0.0014 green 0.0015
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16 compared 00009 Cha”enge 00008 industry 00011 ng 00014 technology 00015

17

time 0.0009 neural 0.0008 computing 0.0011 covid 0.0013 artificial 0.0015

18 stochastic 00008 demand 00008 prediction 00011 data 00013 platform 00015

19
20

fpa  0.0008 market 0.0007 airline 0.0011 smart 0.0012 impact 0.0014
cost  0.0008  omprehensive 0.0007 service 0.0011 chain 00011 data 0.0014

El2i'd /438 &(DL/RL) 7182 Dynamic Pricing Model

]

A2 Al Zl=0] H MFo]l EMAM HEED Us FMHZE 8fMAQ Crefst
SIMEHNE EE/ISYE0|l FOtX| AZ. CH2 HMZEX| Al 7

=R0F0 =Ho| HFH UAS

<E 3>1t 20| YEAHATAE Deep learning E= Reinforcement learningzt Z2

82 8st= g, Airbnbet 20| YFBHBIORE £2 oS M52

Ctot, Q& Ol2fol x| M3E Zi(Actual value)o| ZEE[0 o=gtzte| HIWE
L

Sl EH¥sS Hored = As wE A HF2 Zds Sd FHe

—_

Suggested price)2t BHEIISSIH, X xH JHH2 oH
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MSHIL7L o2 EHEOol
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o
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x
Jm
0%
H
oF
10
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o
2
o
i
MO

=2
E

%, HEst 2 Hot dHS TESkE A0l JHAZETE 2ol AHHYoH, T|E
HAFS2 0l0] A0 HHE JHAS o83 ZHS HItsHy| W= 7|2Xe=z

}7H0f| A=l 7tAHO| True Price TCHe 7™ E SICt= SHAZF ZXY

[2kAM, DL/ML/RL 718te] Rg MMst= O A0M 7t £ 2 1) +29
IES oA ¥ HEE Zi017tet 2) RHHIIE OfFHA & AT
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<HE 3> Price-based RMz} &St A1 =

F

o

Evaluation Features
No. Authors Year Data Model Context ) ”
Metrics Demand Competition
1 Al Shehhi & 2020 2800 hotelsin Adaptive Predicting ADR MAD, MSE, X X
Karathanasopoul five cities, Daily ~ network fuzzy RMSE, MAPE
0s interference
system (ANFIS)
2 Zhang et al. 2019 759 hotels in DeepFM+seq2s Predicting MAPE, PDR, PDP, X X
China, Daily eq, DNN Room Rate PIR, PIP, BR
3 Binesh et al. 2023 Three hotels, LSTM Predicting ADR MAE, MAPE, X X
Daily RMSE, MSE
4 Tuncay et al. 2023 77 hotels in Q-learning Predicting MAPE Reward o
Turkey, Daily Room Rate function@® H
9|
5 Zhu et al. 2022  Hotel Booking  DNN, Airbnb (Ye MAPE, WMAPE,  Elastic Demand Competitor
Data from etal., 2018), PDR, PDP, PIR, function Price (K-means)
Fliggy Price Elasticity- PIP. BR
based Model
6 Yeetal. 2018  Hotel Booking GBM; Airbnb Pricing PDR, PDP. PIR, Numerical X
Data from Regression- PIP. BR Demand
Airbnb based models Function (GBM)
7 Hu & Song 2023  Hotel Booking RF, XGB, MLR, Budge Hotel MAE, MSE, X X
Data SVM, KNN, MLP Pricing RMSE, R?

25



8l

jod
oF
ol
RO
Rl
[\

|
=
N

Y

4. et 23 Kl

A

12 ROz Cie

#

24y 72 =Y

= E4o M2t 40|

ol

iy

Ko

ol
100
B0

0
0

fo

ujo

ZH
AL

45, oHLIE],

1

old

et ZebE o QU

KO
T
]r

<E 4> A7}

- : Sz
- T = o+
328 =88 2%
o pud
R IS
| S-S &8 g SS9
@ = ®©® £ — - c ® o9
o o = I 2 v VU g o 9 o
() N c £ —= N N
e N — c O O I o —
5 28 = 2 £ o0 C
253 F2g S 2
AL ® L L5
N o 0]
o
oF
ok N 0o
4 i =
o 17} Ik
= oF £ M
e < S| o<t
oF o m <F
o]
s % i | &) Y 4
= s KO ok = 7y 2 :
ol = <R |4
S|z Ko o K0 Ll
= KF o . oo KF
> | @l . LY mn <u 3w MH
1o ok I <0 NN o+
m of TR
ul =) z RO RO
i = < =<
il =) S K RF
c oK
o _
m.. H_._._ oK Hu_
T fo R il
£ Dy B0
© TO




Il. Price-based RM 27

‘© -
— N < 3] 0 — <t
o S ) o S 2 S S g
2 8 g S 8 R g 24
© = © o g = = © 83
[} (@] C @ O ©
© = ) N & % o ] = B
ob ® el < N © © o +O
> (] © 2 c O © S o
T n 2 G C 2 L n
(%]
L Mo NS Lol of <
_ i o s S o for - .
A [ B S (R I =S o (<F
L o R . S i WK (RO
N . NI |T o T o - = &z
o _ oF o|_o|_ﬁoH+2U 5 ° M zoﬂx
r N H R = |H| ol - K 0 .| X
® s M = = RElglzda ("R = |8 TR
° = = e JIE|H LT B Il S |20
—. W o®| | H . < [T B YR e L
o — I — K 5 |7 B la |« K — T or ur = ol
Ca KI L i O M _.|%® 24K x= 4 | o
ok |2 | [T N = gi (N md @ W 1S L[ R
— = H - = = ot ™ || o <l HlE = o & -
T |5 R & N M|k s EID T M| | (2 R N
rr B 8l ol I | RIOIF x5 _ £ O KM F|N
™ o |r0 o w : T ER|SZEEE_sm QR \TENN
oW (RO B\ gp | g - - = I =
ol «r|x! w1 T = %0 | g |0 m__w H 00 |H|WH K %0 T |1 & O o MW "X
2 £ o
0™ [on i
il ur {704 gy w_m o R
s | = | T | ik ot
8 |t K| |3 | IE 0| g
— | N e X ||z o] 30 w | ¥ =
p B - A R S = o= . = R
0 S e B e T e el S B 5 N R’r O
Rl dr |~ | OF |of (< |- |8Ujor | RU ol & (=X | IF aro|w [ ol 3 of  (RT
~ K |Ho| T0 [T |UWU|ocl|M|T|T KK || m@ e [\Y T [\Y < |ID
o ar
= | ol - Tl = RO
= A& iy ¥ Ik R = foil
- O ul uh o) oF %“o 2 ~
LAY =3 m 5 =
[E] RO A




ot
L

=
[}
S
i
m

2
fujo

n ]
ret
po ]
=
ra
-1

o

7t

- NUDNE:
Price-based RM D& X|SX X|E (veetal,2018)

Al Z|gte] oty 2o &0 AoM 71 2 Mefras HMetel HEHS Fotsks
20| H|gtEICH= M. 0]0l| Yeetal. (2018)2 wuitdoN =
B

Mt = oY JtAS| HetdES HIret| flo 5719 HItK|

ds 8o tES
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[0 7tA 2 X$4E (Price Decrease Recall, PDR)

PDR = -+

b+
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w2ty PDRO| £S48 ANE 49

=
= =
=22 9|0|3t2Z PDRO| 52 TS MssHA =
7tA szt M= (Price Decrease Precision, PDP)

ppp = L

c+d
PDP= &HW7IHELCH X2 7HF0| Hetet 32 F, o|2F0| o[ X|X| g2 B2
e
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Metric2

J1HIez ot I It oAl

_ 2t X|B= Mo Z Mg 4~ g

Occupancy rateZ7t 7t &2 &

Ol4HQlI BHOIEt B 4 AS

- Occupancy rate?t =2 2%, 7I2&82= PDR, PDP7 27| WiZ0l, Occupancy rate?t &

L= H2 229 SYSHA Hlust= A
2&S Wotste 20| MESHH, Case 2-22| A7

Occupancy rate7t X2 Z2& U2

HR

£ 52 Z90 Yo vy

7tst

OE

FII'

Case 1. Modest Occupancy Rate

111, Occupancy Rate0i| [zt Ato|stA| X

ChE AHIE S8l ofH AlLt2[27t 71 0]

2, Case 1-42| <27t ?/9| PDR,PDP.PIR PIP 25

2 PIR PIP X EES FMCoZ

| 3ozt 2 4 ¢

PIR, PIP X|E7t %7| WjZ20{ Occupancy rate?t St

2 3402 DYs

Z< PDR % PDP X|E

40| HHSIH, Case 3-30| 7+& ol @0zt Bt A

0.500

0.500

0.100

0.500

0.900

0.500

0.900

0.900

Case 1-1 ofl<F
Psug = Pact 50

Psug < Pact 50

5 AA 100

Case 1-2 ofl<¥
Psug = Pact 10

Psug < Pact 90

= HA 100

Case 1-3 ofl<F
Psug = Pact 90

Psug < Pact 10

= HA 100

Case 1-4 ofl<F
Psug = Pact 90

Psug < Pact 10

5 AA 100

g3 mwat

$0
dlo

Hir
rlio

S

AN




S8 AN 712 ZHS % RM A7
Case 1-5 of| 2F olef X
Pag=Pot | 10 90 M 0.100 EEM 0.100
Pag<Pat | 90 10 PDP SN 0.100
= #A 100 100
Case 2. High Occupancy Rate
Case 2-1 of| 2F olef X
Pag = Poct | 95 M 0.500 RN 0.500
Pawg<Pat | 95 PDP SN 0.950
= 2 190 10
Case 2-2 oj|of olef X
Pag = Poct | 180 5 T 0.500 IEEM 0.947
Pawg<Pat | 10 PDP N 0973
= 24 190 10
Case 2-3 oi|2f oflef X
Pag>Pact | 10 5 M 0.500 EEM 0.053
Paug<Pac | 180 PDP I 0667
= 24 190 10
Case 3. Low Occupancy Rate
Case 3-1 of| 2F olef X
Pag=Pot | 5 95 M 0.500 RN 0.500
Pug<Pat | 5 95 PDP 2 0.050
= 2 10 190
Case 3-2 of| 2F olef X
Posg = Pact 180 M 0.053 IEEM 0.500
Peug < Pact 10 PDP SN 0.027
= 24 10 190
Case 3-3 oi|2f oflef X
Pug>Poc | 5 10 PDR S8 0.500
Peug < Pact 180 PDP I 0333
= 22 10 190




Il. Price-based RM 33

L}. Price-based RM ZYX|SN X|E
SH HAMAYXEE &8I RMS Hut gol
[1 ADR (Average Daily Rate, W& 2% Z4A Jt#)

- ADR=

0CC = Bl 2 &
i A 7St A &

[J RevPAR (Revenue per Available Room, Z{iAlgh #of)
_ RevPAR=-—2°T2___ ADRx OCC

- OCCe ADR= HF 112{oict= HoAM RM X|EZ ZE| AFE|D A2H, OCCet

ADR9| #8E Ed RevPARE =0|= 0| £2

- TrevPAR = AI-%7—

- RevPAR®H TE|, 24l 40| Ok OfL|2t R 40l8 TEst oY MOl SIS
=

NE{stH, MetMo= SHI0| YotLt Ao

$Q
oo

full-service S0l XMg3st7| Xgt
[1 GOPPAR (Gross Operating Profit per Available Room, Z{&lgt &¢f 0]2!)
- GOPPAR =

- RevPARS Ef|, 2 231 2#E 2= +u 2AH| F&B, 7|Ef 2o A4

on

HE HES 15

[1 RevPOR (Revenue per Occupied Room)

OBt
10

- RevPOR=_—=-1

HofE 2

r:E
>

1

k>

I

Hol =™ HREEHM -9 HF 3 MH|A0 X|E5t= B 3 £5F
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MI3X} oflef AtO|EO|AM

Ct. #lix|op=2 x| =

sl

AEel MIX|EQ HWEOEM A|Z LY S8Io| RM Mt £F I}

El|
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O XbAR g2t X[ 7| SZHED AE 41t X|#2| SHE HlW
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ol

-

101

E:

1 KBS X[e=stote] FHetd LHofl A

M
S

O XbAR &2 X[EeF AIE

¢t MPI

STAR Report (Smith Travel Accommodations Report)0ll A 7H2

(Market Penetration Index), ARl (Average Daily Rate), RGI (Revenue

Generation Index) X|E &8

__ (RHAtoco)
~ (MFoco) X100

MPI

X 100

(XtAF ADR)
(A& ADR)

ARI =

x 100

(XtAl RevPAR)
(AMZ RevPAR)

RGI =

|O0jst:, 100 Oj2to|H
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1. Price-based RM

- 22 oMol = "Wi ~FZ malsty| /% QPI(Quality Penetration

QPI = (XtAt Global Review Index)
" (AIH Global Review Index)

- ZR0l| ot 22 AFER2 ™I, &, XY, d=e= Fo Jks

ot JoX|®E AHE

SEXSE XES ASXYE XE 2t HFwe| Zst R

— o

O 2 20M0lM ATHSH ZHX|EH X|EE 84 HI0/E{2l Occupancy AlLtZ|20
2t MsEl= CaseZt HEHE

- Occupancy rate?t %7{L}, 22 B2 S&00|E 2| Class unbalance &H| 2
olsff B3 M50 Ex7H LYY &+~ UAS

- E79|, Occupancy rateZ7t %2 Z20| at&E OOlH= 2H 850| EHELE,
ZEA S HHEONM= vt 2 0|22 Hupit U2 F0 450 E2
20| 4utE =0|=0 EIFH0| A=K FIHHQ HB0| Hd

O 3, SRNSH NES JIZ0) MHE Jtzo| MM MBEUSS JHst=,

MO =2

rl

XS oM FMEMoz MAT Occupancy rate 2= ADRO| UeE=
7
|

of HHHO| DHNHH UM FHNYH BH DTN MW HHYE
3 ¥
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lll. Price-based RM &£ %%t

1. SEMHo|M2e| Price-based RM &8 %%t

7L, XH| RMS 7He

O 22% Ml =HoM= O|MEE RMe| S24= A5, XANH2E RMSE

- 19904l Marriotte full-service TEHIE 2|t £2 o|E A|AEID} select-
service SHEE ¢t RMSE 7Y — 20034 & A|AEIS OneYield2

Estotd o, #NTR] Marriott 18 AIE = Elof

It

NEgE F

- 19939 IHG= HIROZt= XtH| RMSE & —» &M 3 )X QIHmolA
AstHA| PERFORMCE HZE — 20173 Central reservation
system(CRS)‘P_I ConcertoE &A| — ConcertoE Edl PERFORMO| &2
s RIHA CRS2} RMS7t S¢t

- O|5tof| XtHl RMSE ERstn = SEIZE Choice Hotels(ChoiceEdge), Best

Western(Best Rev.)7} /2

[ X4l RMSE S H|le] £

E0I5t Hjel Wi ot S/ Eot 05iCi= SH0| AS

0x
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e
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o
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et
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- IHGAIS| Concerto= =& ?IX|, HOlAIE, Z =9 MY =, X3 FH 3 HH
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7|12 S Lt HIOHE +E5IH, 2tA ofjets 7|5z Jeletel MH|AS Het

- MarriottAto A= Revenue ManagerE CHMQOE RM U £FM AtEo0f 2tst

me

o

] | o
et S

0 %2 Olo|E{7t =Xo| =1 24 7|&0| AotEo| w2t Xtx| RMSS| &8 ot
HE ZO0tXl= F=AMl
O Z=o|ME RMS A Pricing 7|2 BAR (BestAvaiIabIe Rate)E d%ste O

2Ol A E
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2. RMS @ig

- RMSE FE Elfd oS SHCZ LWEN 2oL, 20z 2" ™S
=
T

dE MSots 7|IgS0l SF

T

|2XQl ZHOM £EH2Z RMS S YH0|= 2HSHOM AEY + U=
Roompricegenie, Atomize S0 S%&

Expedia®t Z2 SHE 7|YME ZITtet RM 7|SE REZ FMS

OIETA| £E502 $olg Ha|sts SHO| it 2oz FHEH, ol 2
(@]

L

RMS AE0| 2 48 FMHEE 7HX|2 /ASS

Skiftol 2 X0 =M, 20194 7|& HMA 28%7F RM toolsE AFEdtLL AL,
0| & 10% =gt = RMSE FOHSIH ALE

futuremarketinsightsOll [t2™, Revenue Management Software A|ZE 0|

2023H5E 2033EMK| 13.5%° HEF MEE(CAGR)S EY Zoz M
O HEEM 7|9 ZEH UM RMSO| M1 7|58 I A =&

- 2o 0/A(On-premise)dllA 22tRE 7|8t E2Mo=2 HMetEo| wzt RMSQ
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- EAMZCE AF EHE, AEY, 2EEY, s8I A HF V2 F-A OHF

— o

S CiYet Ho|EE 7|Hte=z XEst 743 H|¢t

- OfjofH[t], Vrbo2t 22 Tho| &th, T s4AE ERNQZ MH|A WS



lll. Price-based RM &8 %%

RMS Atg|1. IDeaS

Business Analysis o
Inventory Group: | Property Remove Excluded Segments
’.- 01-Dec-2019 to 31-Dec-2019 Y
4 '
© M on Books Remaining Demand Ml Occupancy Forecast Capacity Ceiling = Floor BAR Effective Capacity
,(-
®
Q
X I i |
5B oo 5 53 9B ob L“ 5 P8 oB ©SB 9B BB
Daily o ('] o o o
=2 LiE
Az 19894 M
2A -OJL[ofZ2| A, O]=
F2 M= B0 SH, 22| ==
0=, 4=, % &
7HALH -RMS ™& 7t o4
EX 2008 SASO|| 2lkl0f g O|olE BM Vs 43t
‘g LNE|ES JHeE M £2QE HEGHH o F5HH, oFE 0 0
2t 4 222 AMAZIeE =H
HAEIQYE, UM NF2UY, SHYH 5 Ciefst J1AEE M2
‘HIO|[HE FI|NMOZE HUHO|ESIH %|Alol A& S2at ME =0l Jts
| DM J1H AW s M
-Hilton, Four Seasons S O EME SHIOA FZE 30| AIEStD /U= A
OF YHF oL} %2 S8 IHO £k BIItt= ACE HY
ot -Eff= Katathani Collection 2|ZE &= |DeaS2l G3 RMSE T QIstHA £=2/0|
15% &7t ADR20% Z7I6t¥ 1, HF2 ==t H=tM0| =0t
-ZEtA =8 SH SBM(Société des Bains de Mer)2 IDeaSE T QISHHA
ADRO| Z[CH 15% Z7t6t¥ 1, et™s| XtsatEl 714 dHo| JHssA
34 ZH0|X]| -https://ideas.com/

ZX: HotelTechReport, IDeaS SH|0|X|
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RMS Alg|2. Duetto

61 5150 $116 49075

& LHg
Azd 2012 M
A -MIZIA AR, O0|Z
=2 IAHE Eid s, Mz 32
0g, WAR, =2 &
7HACH RMS Hx 7tA o4
£3 -HAl2{d 7|8te] Open Pricing 7|s2 &835t0] A'd, 1 HMIHE, XA E}
o, F= 7|Ztof CHo MAZte=E JtA AF
-8 o= 2 2AMof 2ot SHEY HIAMQ Ot CHAIEE WS
-Amadeus®t Lighthouse S F2 EtAl HIO|HE &835t0] Z™AL 714 AL
0|E
At -Yotel2 DuettoE E=QSIHA Hut X|H7 AES(ADR 12% A4, RevPAR 36% 45)
ok o2, =t U4 BTHOTA tMdolM Y| £4 gE), M DM K| 59
2IE E2Y
-0|= Hotel Peter and Paul2 DuettoS TQISIHA 2019EHEE 2022AMK]|
ADRO| 39.5% Z7I5tA20, MM 22 40% F7tet A= LIEHH
Z Al ZH|0|X| -https://www.duettocloud.com/

EX: HotelTechReport, Duetto =H|0|X|
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RMS Al3. RoomPriceGenie

Monday, 6th
Base Price 100 €
June
I Price Calendar P Market Factor (e.g. event) +29¢€
118€
Price Chart Occupancy Factor -9¢€
Pricing Strategy 3 8oe i’ | Your adjustments +7€
108€ 82¢ 80¢€ 102€
. Double Room @
102€ 108€ 118€ 118€
‘Community
i s
HEd 20179 &8
Z2At 33, A9A
8 D5 | BAH 39, 2E3 54
H32, A9A SU 5
7+ch RMS B# 7tH &
£% HAEFUE, LE Ao 3! = JHH Het
BAR XMZ = O|EX7t =5t %F 7t4 ZF
ABY, =2 E40| Wt Finetuning 715 M3
-Z[cH 1870 oj2 7tEE Mgt
- 2o 12 7tF YH0IE TS S
A1t -0|= La Hacienda Inn2 RoomPriceGenieE =QstHA| ADRZ RevPARZt

D& ABs10] £000] O 20% F7H HOE Lietet

c
-H22E Hotel de la Boursee & XS Ats3tstn £22

81 RoomPriceGenieE E=st¥ 1, O Zut W A HRE0|
A 90% ==L =2 ZIt

Sthistz| <
65~70%0f|

SA ZIo|X|

-https://roompricegenie.com/

ZX: HotelTechReport, RoomPriceGenie ZH|0|X]
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RMS Atgfl4. Atomize

Overview Most Urgent  All Recommendations  Group Prieing

ATOMIZE

There are 55 urgent price changes and 1560 EUR | nal revenue awaiting approval

© accoptehanges | | J

< MAY 2020 >

RevPAR 245 EUR 75%

Qccupancy

Sametime 1
87%

279 EUR Pickup

L year 275 EUR

it

Room night pickup last 7 days

.

Catherine Lopez o
Glacler Tower Inn

15 604 EUR

Monthto-date vs. STLY - 50

Month fareg Y Actual a2

[ 7o |
158

107
403
5230 EUR

T& g
M 2016\ ME
2At -OflEl| 2], A
T2 14E -BUY =, AE| ==
SAQE, HE2E, 32 S
74y ‘RMS B# 7t4 &
£% -2019'd MAIZt 714 X HSE Mt %X RMS
‘ZE LR 9 QF H0|HE HAIZICE £FESIL 2AM
B +QE mesty| el oMol of¥ b x7|9 ool (Lighthouse?
Market Insight, trivago) & 4%
A3t -.L29)|0| Kronen HotelsHlA= AtomizeE Z=QStHA ADRO| 20% Z7tste
1, 5 YRE AS2ASHH T o 10A2HE HHEY = JUUS
-A%El Best Western Bordas= AtomizeE E=6tHA RevPAR7Zt 16.9% &7t
SIRCH, A7t HEE Eot ™AL CHH| O =2 & (Best Western Bords At
18.45% Z7t vs. Z™AL 1.35% B7H)
34 ZH0|X] | -https://atomize.com/

EX: HotelTechReport, Atomize SH|0|X|




IIl. Price-based RM &g #igt
MI & Bl Al3{l1. Lighthouse
V- Rates Strategy Events Parity Ranking o
el [ December 2023 ~ % Bestfiex v [ Booking.com v Desktop » 1night ~ 2guests v Anyroom v Anymeal ~ Prima > .~ Compare g := 3]
Monday Tuesday Wednesday Thursday Friday Saturday Sunday e
210
[ ] i 7 8 9 @ 10
L1082 $269 $189 $189 s179
+24% vs. Comp. “12% vs. Comp -16% vs. Comp ~16% vs. Comp
T 12 al 13 i "BE i 1. "B
$305 $379 $315 s219 s178 s179 s179
+13% vs. Comp 434% vs. Comp +8% vs. Comp “1% vs. Corp “12% vs. Comp ~25% vs. Comp. “10% vs. Comp
18 R 20 2 22 23 2
$179 $179 s179 s179 $179 s179 s179
-12% vs. Comp 9% vs. Comp -10% vs. Comp 0% vs. Comp -10% vs. Comp -10% vs. Comp 10% vs. Comp
5 - 26 ma 7 -l 28 g 29 il 30 a3 ]
$179 $179 $185 $189 $195 $200 s259
-10% va. Comp -10% vs. Comp 7% vs. Comp 7% vs. Comp -16% vs. Comp 1% vs. Comp +6% va. Comp.
Competitor price ~ 10% higher ~ ; ul v
e e
FER 20124 22
=2 A HE, d=
7@ 1M | B0 59 =UE o
0|, EiZ, 2iAl0} S
2 MH|2& -Market Insight: OTA, GDS, &3™ O|0|H, =, 3F=4, 7Hd|m 24# AL
O|EOM 22t¢ RXEZ2| Search HIO|EHE ZAMetC=zid AlHQ O2f 2

-Revenue Insight: S PMSete| ¢i5g S5t

off cHal meb 7ts

‘Rate Insight: 22tQlollM M-S mofst= ZE #M'E(0TA ZHAHH|LALO|E,
COJME 22 5)2 Z™MAet HWEOZM, XA Z-O QXE &g

2

SA ZH0|X|

-https://www.mylighthouse.com/

ZX: HotelTechReport, Lighthouse SH|0|X|
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VR Dynamic Pricing Software Al2{|1. PriceLabs

Normal Demand (Nhood Occ. 30%)
SUN MON BASE PRICE (Listing) 200 EUR
16 1%
Seasonality | 262 EUR
128 176
Demand Factor | 232 EUR
1& _ 26
! Pacing Factor | 232 EUR
115 300 Uncustomized Price 232 EUR
e * 13
128 209 Occupancy Based Adjustment | 209 EUR
1& 19 2 20 Customized Price 209 EUR
200 256
1& 2 o Min Price (Safety) 60 EUR
500 238 Max Price (Listing) 300 EUR
10 e Final 209 EUR
242 267
Minimum Stay 3 (Weekday, Default)
Last Seen Price: 209 EUR Price with Default Cust.: 209 EUR
e LS
EER 20144 Mg
=ZAb A7k, of=
£% -AFoIMe] =29 38, ARY, o/HE, o<t Jts L+ S Cret HIoJEE
J|Hto 2 JtAH =M
-AFE X MOl ZM(Last Minute Prices, Orphan Day Price, Day of Week Pricing Adjustments,
Occupancy Based Adjustments, Weekily Discounts, Monthly Discounts )= Z-&8t0] 3
&8 12 He s
34 ZH0|X]| -https://hello.pricelabs.co/

EX: HotelTechReport, PriceLabs SH 0| X|
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VR Dynamic Pricing Software Al2{|2. Wheelhouse

Filter Miami + 3 active filters cC @ B L d
isting selected  Select al Observed Available  Booked | Blockec Today
Name Base Price Tue,Jun4  Wed,Jun5  Thu,Jun6 Fri, Jun7 sat, Jun8 Sun,Jun® A om\smmo Heart of Little Ha.
" J Edit settings
Olmi | Queen suite | 1 be.. cus $145 & $145 & s145 $146 $149 Q $220 Q $214
Tue,, June 5
Olmi | Queen suite | 1 be.. CUs  $152 2 $135 2 $201 2 $202 2 $200 2 $200
Olmi | Studio | Heart of. CUS $220 T gagg Edit rate Make adjustment
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Nightly price

$ 150 \

Use price tip: $120

Why $120?

One month out

Maximum $250

Driving prices down ¥

o 14% fewer guests than the yearly average are
searching

« 19% more homes than the yearly average are

\ One week out

available \ .
» 75% of guests who were likely to book have
already booked . .
Other information Minimum $50
« Right now, there isn’t encugh reliable data to
show the median booked price of homes
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